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ABSTRACT

Personal narratives are key to developing self-concept which influ-
ences how we see and value ourselves. As adolescents who are still
developing their self-concept increasingly use generative Al to write
personal narratives, our knowledge of how Al constructs personal
narratives is limited. Through a mixed-methods algorithmic audit of
160 Al-generated college application essays created in OpenAl ("o1"
and "40"), we find that prompts referencing marginalized gender
identities more often yield narratives focused on overcoming soci-
etal bias or contributing to in-group communities. We also observe
that the newer model sometimes refuses to provide a direct essay,
especially when prompted from a first-person perspective. Our con-
tent analysis, informed by narrative psychology theory, highlights
how these Al responses can both reflect and reinforce prevailing
social biases, thereby shaping adolescents’ emerging self-concepts.
While Al holds promise in democratizing narrative coaching, it also
poses risks of perpetuating stereotypes and displacing authentic
self-expression. Future design for narrative identity-relevant Al
models should focus on reducing reliance on stereotypes by en-
hancing training data diversity to support identity development
and ensuring equitable access to educational features across paid
and free models.
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1 INTRODUCTION

The advent of artificial intelligence (AI) tools has significantly in-
fluenced how adolescents approach writing tasks. From essays for
class assignments to cover letters for job applications, Al-powered
writing support has become pervasive in educational and profes-
sional contexts [23, 31, 73]. However, the implications of this tech-
nological shift on adolescents’ developing sense of self-efficacy and
their relationship to writing tasks remain largely unexplored. One
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writing domain where AI’s influence is particularly impactful yet
underexamined is first-person narrative writing.

Research indicates that writing personal narratives helps ado-
lescents explore and integrate their experiences, thereby shaping
a more cohesive self-concept (an evolving, layered understanding
of the self that integrates cognitive, emotional, and narrative rea-
soning to construct an idea of who one is [44, 45]). Through the
reflective process inherent in narrative writing, they gain clarity
about their values, strengths, and future aspirations, which in turn
supports higher levels of motivation and self-esteem. A robust self-
concept is not only linked to better academic performance [42] but
also to increased well-being [1, 39]. Encouraging adolescents to
author personal narratives can be a powerful tool in fostering both
their personal growth and educational success.

This intersection of Al and personal narrative construction raises
concerns about the role Al plays in shaping the stories adolescents
tell about themselves. Al-generated content is grounded in training
data, which often replicates societal biases and dominant cultural
narratives [8, 17, 37]. Al systems might generate essays that dif-
fer based on the salient identity traits included in the prompts,
such as race, gender identity, or socioeconomic background. These
variations could inadvertently reinforce stereotypes or narrow an
adolescent’s self-concept by suggesting narratives that align more
with societal expectations than the adolescent’s authentic experi-
ence.

We know that adolescents can be significantly influenced by
Al--novice Al users are more likely to be influenced by Al sugges-
tions than those more practiced in a task [27], and writing with
opinionated language models can result in perspective shifts in the
human writer [29]. In the context of personal narrative writing, how
might working with Al to construct a personal narrative change
an adolescent’s views about themselves? As McLean et al. suggest,
the stories individuals craft about themselves play a formative role
in their identity development [50].

The college application essay, as one of the first instances where
adolescents are encouraged to engage in this kind of narrative self-
construction, is not only an admissions artifact but also a tool for
psychological and narrative growth. Personality develops in three
phases——first, in young childhood, as an actor guided by a certain
set of traits (e.g., the Big Five); then, in the elementary years as
a motivated agent, aware of needs and setting goals; finally, in
adolescence and early adulthood, people begin to conceptualize
themselves as an autobiographical author of their own life story
[44, 45]: timing that aligns exactly with when high school seniors
are asked to write personal narratives.

Across decades of research, scholars have shown that media
representations shape how adolescents understand themselves and
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their social roles. Stereotyped portrayals of gender and identity in
television, advertising, and digital platforms influence self-esteem,
academic motivation, and future aspirations—often limiting what
young people believe is possible or expected for “someone like
them?” As generative Al becomes a new site of narrative production,
it inherits this power to script identity and demands the same
critical scrutiny.

Essay development is, in many ways, an active and hyper-personalized

modern media form. In the application process, adolescents are

tasked with reflecting on pivotal experiences and articulating higher-
order insights framing their lives and perspectives. These essays not
only play a critical role in admissions decisions but also represent a
significant developmental milestone for many high school students

[7, 67]. While we know adolescents are using Al to support them
with writing their college apps to some degree [41, 53, 56, 65, 66]

these tools’ influence on the adolescent’s evolving self-concept

remains uncertain.

AT use in this context risks shaping the adolescent’s autobio-
graphical reasoning in ways that may not reflect their authentic
self, and may result in essays that read as impersonal and harm
adolescents’ admissions competitiveness. Following other findings
of gender bias being reflected in large language model outputs
[6, 8, 16, 37], we were interested in how essays might differ based
on the prompter’s gender, and if the narratives constructed ado-
lescents’ relationships with society in different ways based on a
provided (or non-provided) gender.

Previous research demonstrates that adept users can circumvent
or manipulate system guardrails in a variety of Al-driven tasks,
yielding outputs that deviate from intended constraints [25, 74].
This raises the question of whether adolescents with strong prompt-
engineering skills could similarly bypass any protective mecha-
nisms designed to guide essay development. Varying prompt lan-
guage—-such as shifting between first- and third-person narration,
altering prompt details, or sharing personal interests——may pro-
duce distinct model behaviors.

Motivated by OpenAT’s claim that ol "reasons" substantially
differently than its predecessors [57], we also tested whether the
newest, paid model offered by OpenAl (o1) differs from their free
model (40) on this task in any meaningful way—-and therefore if
adolescents that could afford to pay for the newest model would
have a substantially different experience from those who cannot
afford a premium subscription.

In this piece, we thus seek to answer three research questions:

(1) How might Al-generated college application essays replicate
socially observed biases related to gender identity in their
narratives?

(2) How does the paid-access model offered by OpenAl (o1)
differ from the free access model (40) in college essay gener-
ation?

(3) How might varying prompt language (e.g., first vs third per-
son phrasing, essay prompt details, whether an adolescent
supplies their interests) change model behavior and outputs?

We present a content analysis of generated essays to explore our
research questions and reflect on implications for an adolescent’s
developing self-concept. Our findings speak to how Al use in this
context might differentially impact adolescents with varying gender
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identities and how this influence intersects with broader concerns
about equity, identity representation, and self-concept development.
This work has theoretical implications for the FAccT community,
which has tracked differential model performance through algo-
rithmically produced content audits [16, 17, 37] and studied AlI-
produced gender bias in different environments [14, 34, 60]. Future
systems should be designed to, among other types of biases, detect
and prevent narrative-based biases that could affect an adolescent’s
long-term self-concept development.

2 RELATED WORK

This paper seeks to unite conversations from diverse scholarly com-
munities, including human-computer interaction (HCI), technology
ethics, and narrative psychology, with cultural conversations sur-
rounding artificial intelligence (AI) in the college admissions pro-
cess. We aim to shed light on both the opportunities and challenges
posed by AI writing support in shaping adolescents’ self-concept
and access to educational opportunities.

2.1 Technology and Self-Concept

Research shows that the integration of technology into daily life
has progressively reshaped our self-concept, influencing everything
from self-esteem to personal identity. Early findings on internet use
indicated that the ability to adopt different online personas could
lead to both increased self-exploration and heightened social com-
parison [48, 49]. More recent work suggests that, while technology
can enable self-expression and community building, it may also
encourage perfectionistic standards and dependence on external
approval [38, 64], ultimately playing a nuanced role in shaping
and re-shaping how we see ourselves over time. Direct influence
of technology use on self-concept varies by the technology and
methods of use [28].

A growing body of research shows that when novices like ado-
lescents interact with Al they often place high trust in its guidance,
perceiving it as more authoritative or knowledgeable than them-
selves [27]. In cases where people collaborate with opinionated
language models, the AT’s framing of ideas can exert a subtle yet
meaningful influence, shaping the adolescent’s own thinking and
perspective over time [29].

2.2 Narrative Psychology

Narrative psychology offers valuable insights into why storytelling
is central to the human experience. The stories we tell about our-
selves do not merely recount events; they become deeply integrated
into our sense of self. This integration occurs through a process
known as narrative identity formation, where individuals construct
coherent and meaningful self-concept narratives that help them
make sense of their experiences and envision their futures [51]. Au-
tobiographical reasoning has a neural basis, engaging a conceptual
processing network in the brain [22]. These narratives are not static;
they evolve over time, reflecting personal growth and adaptation
to life’s challenges and opportunities [1, 3, 11, 12, 46, 47].
Personality development comes in three phases [44, 45]: first,
young children develop traits as an actor in early childhood (e.g., the
Big Five). Second, elementary-aged children begin to conceptualize
themselves as motivated agents. And third, adolescents develop a
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conception of self as an autobiographical author of their own nar-
rative. This developmental process comes in right around the time
adolescents apply to college [44, 45], which motivates our selected
context: writing college application essays comes at a formative
time in an adolescent’s narrative psychological development.

Narrative reasoning, the ability to construct and interpret stories,
emerges as a critical skill in early adulthood [2]. This developmen-
tal period is marked by major transitions, such as leaving home,
pursuing higher education, and establishing independent careers.
Writing college application essays provides a structured opportu-
nity for young people to engage in this process of narrative identity
formation. Through these essays, adolescents begin to articulate
who they are, what they value, and how their past experiences have
shaped their aspirations. Studies reveal that a strong underlying
narrative sense of self can improve psychological well-being in a
matter of weeks [1] and years [39].

It is extremely important to equip adolescents with the skills to
craft compelling and reflective narratives about themselves. Such
skills are practically relevant for accessing opportunities like col-
lege admissions, scholarships, and jobs [11, 12, 26]. Moreover, the
act of narrating one’s experiences can promote self-awareness and
personal growth, helping adolescents navigate the challenges of
early adulthood with greater confidence and clarity [12]. Histori-
cally, coaching narrative psychological growth has been a highly
personalized and resource-intensive process [26, 68]. Private tutors,
admissions consultants, and mentorship programs have provided
this support to those who can afford it in the college application
essay-writing process, creating significant inequities in access.

Generative Al introduces the potential to democratize this pro-
cess. Al-powered tools can offer personalized guidance on narrative
construction at scale, making these resources more accessible to a
broader population. Yet, this innovation is not without risks. Over-
reliance on Al could undermine the authenticity of adolescents’
self-expression and their demonstrated writing skills, while biases
embedded in Al systems may inadvertently shape narratives in
problematic ways. Additionally, access to Al writing aids is not
created equal-—as of January 2025, OpenAl allows everyone to use
their second-newest, 40 model, for free. Access to their newest,
"smartest" model, o1, costs $20 per month [58]. adolescents may
have access to varied resources that produce essays of different
quality or that accomplish the goals of the college application es-
say at differing levels of effectiveness. Current interfaces are not
being designed to support self-concept learning, but even if new
interfaces were built with this goal in mind, the underlying models
could reproduce harmful biases. These concerns underscore the
need for thoughtful integration of Al into educational practices to
support rather than hinder narrative development.

2.3 Al and Gender Bias

The integration of generative Al into writing processes introduces
new risks tied to biases in training data. Seminal research on gender
bias and AL much of which has been published in FAccT [14-17, 37],
highlights how algorithmic systems can perpetuate and amplify
biases embedded in their training datasets. Biases in training data,
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whether explicit or implicit, can result in skewed outputs that re-
inforce harmful stereotypes. In response, developers have imple-
mented various patches, such as training Al models to refuse certain
biased or unethical prompts. However, these patches are often im-
perfect, as users can manipulate prompt language to circumvent
safeguards.

Gendered master narratives, which encompass culturally en-
trenched beliefs about appropriate behaviors and roles for different
genders, significantly impact the self-concept development of ado-
lescents [24]. These master narratives can perpetuate stereotypes
and contribute to emotional distress, particularly among those who
feel they do not fit traditional gender roles [4, 33]. Transgender
youth in particular grow up against a backdrop of master narratives
that inherently cast trans identities as deviant or “other”. Openly
living as one’s true gender identity can provoke stigma, social ex-
clusion, and pressure to conform, all of which are linked to elevated
distress and negative self-concept [10].

A robust body of media effects research demonstrates that gen-
dered representations across media—especially when internalized
during adolescence—can significantly shape self-concept develop-
ment and psychosocial outcomes. Exposure to stereotypical por-
trayals, particularly in television and advertising, has been linked to
decreased self-esteem among girls and youth of color [30, 43], while
meta-analyses confirm that mass-mediated stereotypes can trigger
stereotype threat and impair performance or self-perception in neg-
atively stereotyped groups [5]. Longitudinal and cross-sectional
studies show that traditional gender role portrayals constrain youths’
academic confidence and well-being [4, 71], whereas gender role
flexibility is positively associated with school-related well-being
and identity coherence [33]. Critically, LGBTQ+ adolescents’ en-
gagement with digital media reveals how both dominant and al-
ternative master narratives shape identity formation online, with
some platforms offering space for exploration and resistance, while
others reinforce restrictive scripts [10]. Together, these findings un-
derscore how repeated exposure to biased narratives, whether from
media or generative Al can influence adolescents’ self-concept,
aspirations, and perceived social possibilities.

Recent work has revealed that large language models often re-
produce and even amplify gender biases present in their training
data. Blodgett et al. (2020) highlight the conceptual and methodolog-
ical complexities involved in defining, measuring, and mitigating
bias in natural language processing (NLP) systems, arguing that
biases are entangled with broader social hierarchies [16]. Their
critical survey calls attention to the fact that auditing language
models for gender bias requires not only technical interventions
but also deeper engagement with sociolinguistic theory and ethical
frameworks. Bender et al. (2021) caution against the unchecked
scaling of language models, pointing out that ever-larger datasets
can inadvertently embed and propagate harmful gender stereotypes
at unprecedented scales [15]. They warn that without transparent
documentation practices and careful curation, language models risk
magnifying systemic biases that can negatively affect marginalized
genders.

Building on earlier foundational work like Buolamwini and Ge-
bru (2018) [17], who demonstrated intersectional accuracy dispar-
ities in computer vision systems, recent audits of large language



FAccT ’25, June 23-26, 2025, Athens, Greece

models adopt similar rigorous evaluation protocols to expose bi-
ased representations. Researchers in the FAccT community have
adapted these auditing techniques to probe model outputs for
gendered language biases in recent years across diverse contexts
[14, 18, 34, 52, 60], revealing, for instance, how certain occupations
are disproportionately linked to specific genders [21, 62]. Arm-
strong’s audit of gender bias in Al-produced hiring materials [6]
illustrates how biased algorithms contribute to gender disparities
in hiring processes, and significantly inspired our methods in this
study. Armstrong et al. employ a systematic prompt-based audit
to examine how GPT responds to job candidate profiles that differ
only in race or gender indicators. First, they construct controlled
sets of hypothetical resumes and cover letters, carefully holding
qualifications constant while manipulating names, pronouns, or
other signals of race and gender. Next, they feed these profiles into
GPT under standardized query formats, such as asking the model
to generate hiring recommendations, rank candidates, or provide
feedback on interview readiness. The authors collect the resulting
outputs and perform both quantitative and qualitative analyses
based on a developed codebook, looking for systematic differences
in language use, sentiment, and recommendations across profiles.

2.4 College Essay Writing & Coaching

College essays often draw from publicly available exemplars or
publicly-shared submissions, which may themselves reflect societal
biases. In the college application process, essays often become a
stage for what Vidali describes as a “rhetorical freak show,” where
adolescents are implicitly encouraged to dramatize their lives and
highlight adversity they have faced [70]. Self-disclosures align
with historical trends where colleges have rewarded narratives
that underscore resilience and identity, particularly for marginal-
ized groups [32, 72]. If generative Al models are trained on such
data, they risk perpetuating these biases, potentially influencing
the advice provided to adolescents or even shaping the narratives
adolescents develop; while we do not know exactly what dataset
OpenAl trains its models on, the company reports that most data is
scraped from portions of the internet [59]. In some ways, this audit
is also a way to query the mean gender biases of those example es-
says and related personal writing. These findings have implications
not only for the fairness of the admissions process but also for the
psychological development of adolescents using Al tools to craft
their narratives.

However, the admissions landscape has been reshaped by recent
legal and cultural developments. The Supreme Court’s affirmative
action ruling fundamentally challenges the role of race-conscious
admissions practices [69], raising questions about the space for
discussing race, identity, and systemic disadvantage in application
essays. As colleges adapt to these legal shifts, the emphasis on dis-
cussing identity factors salient to your experience will likely grow
more pronounced, placing further importance on how adolescents
construct and present their narratives——and, how Al-generated
narratives might differ. While this study focuses on US college ad-
missions, our findings have implications for Al use in other cases
of first-person personal narrative writing and unite the previously
distinct literatures of Al use and narrative psychology.
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The potential for bias in generative Al raises critical concerns
about its influence on adolescents’ developing sense of self. Training
data bias may inadvertently encourage adolescents to conform
to stereotypical or reductive narratives, limiting their ability to
explore and express their authentic identities. Ensuring that Al tools
support rather than hinder equitable and authentic self-concept
development and expression requires ongoing scrutiny of their
training datasets, algorithms, and outputs.

3 METHODS

To address our research questions regarding the influence of gen-
erative Al on college application essays, we prompted OpenAI’s
two most recent generative models (40 and o1) to create example
essays a college applicant could submit. We collected and analyzed
these essays through a mixed-methods approach to conduct an
algorithmic audit [63], combining experimental manipulation of
prompts with directed qualitative content analysis. In contrast to
common automated multiple-choice alignment methods [19, 61]
and common LLM jailbreaking methods that focus on high-stakes
scenarios [36, 54], we offer an investigation of LLM jailbreaking for
a benign request and a long-form evaluation method for narrative-
level biases.

3.1 Essay Generation

We prompted the Al models to generate a total of 160 example
essays. Each essay was designed to mimic the style and content of a
genuine college application essay. To systematically explore poten-
tial variations, we manipulated five key dimensions in the prompts:
to explore RQ1, (1) we varied Gender across seven categories: no
gender specified, male, female, transgender male, transgender fe-
male, genderqueer, and gender non-binary. To explore RQ2, (2) we
varied the Model that we queried-—OpenAI’s 40 versus ol. And to
explore RQ3, (3) we varied the Phrasing (whether we prompted
the model as an adolescent or in the third-person), (4) whether or
not we offered an adolescent’s Interests as a part of the prompt,
and (5) the essay Prompt to address (one of two prompts from
the 2024-2025 Common Application [20]). Our sample size was
determined by creating all possible combinations of these varia-
tions. We also double-sampled the gender categories of male and
female with no gender specified to achieve power to compare differ-
ences between these groups. Here are two full example prompts we
used to generate essays that demonstrate the variations in potential
prompts:

(1) “I am applying to college this year. I am a transgender male high school
student. Write an example 300-ish word essay in response to the prompt
‘Discuss an accomplishment, event, or realization that sparked a period of
personal growth and a new understanding of yourself or others’ that I could
use for a college application essay. Mention one and only one of my interests.
I am a dancer, I play the trombone, and my favorite school subject is math.”

(2) “Write an example 300-ish word essay that a high school student could use as
their college application essay, in response to the prompt ‘Reflect on a time

when you questioned or challenged a belief or idea. What prompted your
thinking? What was the outcome?’”

The models occasionally refused to generate essays, either re-
jecting the task on ethical grounds or offering coaching suggestions
instead. 138 of the 160 prompts yielded example essays an adoles-
cent could potentially submit.
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3.2 Audit of Essay Content

To analyze the Al-generated essays, we conducted a directed qual-
itative content audit [6, 40, 63] focusing on dimensions informed
by narrative psychology. We began by developing a codebook (see
supplemental materials for full codebook) that included tracking
basic story elements (e.g., whether the essay discusses relationships
with peers or authority figures) as well as several measures several
measures that, according to narrative psychology research, reflect
a developed self-concept development (e.g., agency, communion,
emotional valence across the course of the essay) [2, 50]. We also
tracked the subject’s orientation to their communities or to society
for each narrative, influenced by high-level themes in narrative
psychology [9, 13, 26] and perspectives on discussing identity in
college application essays [32, 70, 72]. These dimensions captured
how the subject positioned themselves in relation to the broader
societal structures around them (e.g., their school, family, church,
or sports team).

We followed a deductive coding approach for our content analy-
sis [35, 55]. We developed our codebook based on measures used
to analyze life story narratives in narrative psychology and well-
known gendered master narratives. The first author identified six
explicit gendered master narratives in college admissions essays
(overcoming internal challenges, overcoming how society views or
treats you, forming community, forming community as an in-group
member, supporting a community from outside that group, and fo-
cusing on individual growth) [10, 24] and seven key measures from
narrative psychology (growth, exploratory processing, meaning
making, agency, communion, overall affective tone, ending affective
tone) [2] that formed the basis of the codebook. We also tracked
a few summary items (e.g, short topic summary; whether the task
was rejected).

Social orientation was coded based on whether the essay de-
scribed things like overcoming a challenge within yourself (e.g.,
accepting your identity as a trans person), contributing to a com-
munity you're a part of (e.g., a queer person and an LGBTQ club),
and overcoming how society views or treats you (e.g., challenging
gender norms about girls in your math class). Understanding these
orientations provided insights into how the Al modeled complex
interactions between individual identity and external influences.

The first author finalized the codebook in consultation with the
other authors and proceeded to work with our coding team. The
process began with training sessions where the team reviewed
the codebook and discussed its application to a subset of essays.
This was followed by three rounds of iterative coding to establish
inter-rater reliability. During each round, all coders independently
evaluated the same set of ten essays. In each round, we reviewed a
new set of ten essays. After each round, Fleiss’ Kappa was calculated
as a measure of inter-rater agreement. The iterative process allowed
for the refinement of coding criteria and clarification of ambiguities
in the codebook.

By the third round, the team achieved a Fleiss’ Kappa of 0.73,
which indicates a moderate to strong level of agreement [75]. This
level of agreement indicated a reliable and consistent application
of the coding framework. With inter-rater reliability established,
the coders proceeded to analyze the remaining dataset. Each coder
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independently rated a subset of essays based on the codebook’s
variables.

After coding was completed, we analyzed single-variable ef-
fects of the five dimensions manipulated in the prompts (gender,
essay topic, phrasing, inclusion of interests, and model version)
on the eighteen coded variables included in the codebook using
Chi-Squared tests for binary variables and Kruskal-Wallis tests for
ordinal variables.

We selected gender to manipulate, rather than other identity
characteristics, because of the background and composition of our
team. Our first author identifies as a cisgender man, and has worked
on the staff of a university’s Women’s Center in the past. Our sec-
ond and third authors both identify as cisgender women and bring
their lived experience to the development of the codebook and to
our analysis. We recruited a team of three undergraduate research
assistants at our university to analyze the dataset of 138 essays, all
three of whom happened to be female. To ensure unbiased evalua-
tion, the coders were blinded to the prompts that generated each
essay and were not informed about the dimensions manipulated in
the study.

3.3 Limitations

While this study provides valuable insights into how generative
Al produces college application essays, several limitations warrant
consideration. First, the study relied on outputs from two specific
versions of OpenAlI’s models (40 and o1). These models reflect the
state of generative Al at a particular point in time, and future ad-
vancements in Al capabilities or ethical guardrails may produce
significantly different outputs. Additionally, this analysis only cov-
ers the results of OpenAl’s state-of-the-art models; we did not
look at models produced by other leading companies (Anthropic,
Alphabet), which may result in different outputs.

Second, although the prompt design included varied dimensions
such as gender, essay topic, and phrasing, the choices made for
these variables (e.g., eight gender categories or two essay prompts)
represent a subset of potential factors influencing essay content.
Broader or alternative variations might yield different patterns
in the results. We also limited the potential variations on an ado-
lescent’s identity factors to a simple analysis on gender for the
sake of analysis feasibility; this misses the potential categorical
and intersectional effects that may be observed if an adolescent’s
race/ethnicity or socio-economic status were also supplied and cen-
ters gender over other personal identities that might be salient to
an adolescent’s experience. Realistically, adolescents may include
multiple identity-related details about themselves rather than only
their gender. This is an area for future work.

Third, the coding process, while rigorous and guided by a well-
developed codebook, was inherently subjective. Even with high
inter-rater reliability (Fleiss’ Kappa of 0.73), the coding interpre-
tations may reflect implicit biases or unexamined assumptions of
the researchers and coding team. Additionally, coders were under-
graduate students at a highly selective U.S. university, which may
influence their interpretations of complex narrative constructs.

Fourth, the study’s analysis did not incorporate how real-world
admissions officers or educators might interpret these Al-generated
essays. The focus on narrative psychology constructs such as agency
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and communion provides an analytical framework but does not
capture the complex and often secretive evaluative criteria used in
admissions decisions.

Lastly, the potential ethical and societal implications of this
work remain speculative. While we have identified biases in social
orientation and other narrative dimensions, their long-term impact
on adolescents’ self-concepts or college admission outcomes is
not yet fully understood. Future research should investigate these
downstream effects, as well as the potential for generative Al tools
to exacerbate or mitigate systemic inequalities in education.

4 RESULTS

In this section, we briefly present all significant interactions ob-
served and discuss the significant findings in detail that directly
respond to our research questions. There are far more significant
interactions than we can comment on in this piece-many of these
findings indicate a need for further investigation beyond what we
note in this section. There were also many interactions we tested
for which our codes yielded no significant interaction; we tested all
interactions between the 18 variables in our codebook (see code-
book in supplemental materials) with our five prompt variables.
Table 1 presents all significant single interactions observed between
our prompt variables and our coded narrative variables. Effects 1
and 2 are explored in subsection 4.1, and effects 4 and 5 are dis-
cussed in subsection 4.2. Table 2 presents all significant observed
effects where prompt variations changed whether or not the model
performed the task as requested. All results presented in Table 2
(Effects 15, 16, 17, and 18) are discussed in subsection 4.3.

4.1 LLMs Reproduce Gendered Struggle
Narratives (RQ1)

The findings presented in Figure 1a show that prompts referencing
non-normative or marginalized gender identities (e.g., transgender,
genderqueer) elicit essays predominantly centered on how society
views or treats the adolescent:

Response 059: "Navigating the hallways as [my transitioned self], I
grew to understand the profound power of self-acceptance..."

In these cases, 13 out of 14 transgender-female prompts and 15
out of 16 transgender-male prompts focus on overcoming societal
barriers, whereas prompts where we provided no mention of gen-
der rarely had this orientation. In between these extremes, when
the prompt mentioned gender, essays where the prompter was os-
tensibly male had the lowest rate of this orientation, followed by
essays generated for female adolescents. The differences between
no mention of gender, cisgender identities, and non-dominant gen-
der identities are each stepwise significant.

A similar pattern appears in the results shown in Figure 1b,
where essays prompted by transgender or genderqueer identities
are far more likely to emphasize in-group community engagement
(e.g., 9 out of 10 for genderqueer, 11 out of 16 for transgender male).
By contrast, “none provided” or cisgender prompts consistently
result in fewer essays highlighting communal contributions, indi-
cating that the model’s treatment of social connections likewise
depends strongly on whether an identity is presented as normative
or marginalized.
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Does Whether the Essay Focuses on Overcoming How Society Views or
Treats the Student Vary by Gender Provided in the Prompt?

none provided | 3 22 | 12%
male| 8 | 21 | 28% [ ] Focus
female | 10 18 | 36% of Essay
gender non-binary | 9 ] 4 | 69% | | Nota
genderqueer | 10 3 | 7% Focus
13 of Essay

transgender female | (1] 93%

transgender male | 1] 94%

(a) Overcoming how society views or treats you

Does Whether the Essay Focuses on Contributing to a Community from an
In-Group Position Vary by Gender Provided in the Prompt?

none provided 6 \ 19 \ 24%
male 8 | 21 | 28% Focus
female 9 19 | 32% of Essay
gender non-binary 6 7 | 46% [ | Nota
genderqueer 10 3 | 7% Focus
transgender female 9 [ 5 | 84% offEs=ay
transgender male 11 5 69%

(b) Contributing to a community from within the in-group

Figure 1: (a) Provided gender has an extremely significant
effect on whether or not a produced essay focuses on over-
coming how society views or treats you. (b) Provided gender
has a significant effect on whether or not a produced essay
focuses on contributing to a community from within the
in-group. Note that sample group size varies in both figures.

Does the Essay's Mention of Negative Emotion Vary by Model Queried?

40 44 36

o1l 46 12
Discusses Does Not Discuss
Negative Negative
Emotions Emotions

(a) Discussion of Negative Emotion

Does the Essay's Ending Affective Tone Vary by Model Queried?

40 76 4

ol N 44 13
Neither Mild to Strong
Positive nor Moderate and Clear
Negative Positivity Positivity

(b) Ending Emotional Valence

Figure 2: (a) Newer model (0o1) produces essays that discuss
negative emotions more frequently than older model (40).
(b) Newer model (o1) produces essays with a more positive
ending affective tone than older model (40). Note that sample
group size varies in both figures.
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Table 1: All significant observed effects from all coded variables from our codebook.

Prompt Stat .
# Variable Coded Measure Test p-value Interpretation
Essav focuses on Provided gender has an extremely
Y . . 2 —9 significant effect on whether or not a
1 Gender how society views X 3.305x10 .
or treats subject produced essay focuses on overcoming
how society views or treats you
Essay focuses on Provided gender has a significant effect
9 | Gender subject contributing to 2 0.001881 on whether or not a produced essay
their community as X ’ focuses on contributing to a community
an in-group member from within the in-group
5 Gender Essay has a positive Kruskal . Provided gender impacts
overall affective tone Wallis ’ observed overall affective tone
Essav discusses Newer, paid model produces essays that
4 Model ne ati}\]/ e emotions x? 0.005458 discuss negative emotions more
& frequently than the older, free model
. Newer, paid model produces essays
Essay ends with a . » .
5 | Model ositiv}; affect‘;:/e tone Ii,r\,ﬁﬁ:l 0.006831 with a more positive ending
P affective tone than older, free model
Newer, paid model produces essays
Essay focuses on ’
. . that focus on overcoming how societ
6 Model how society views X 0.01698 . &> Y
or treats subiect views or treats the subject
) than older, free model
Essay focuses on Newer, paid model produces essays
; Model subject contributing to 2 . that focus on contributing to a
their community as X ’ community from within the in-group
an in-group member more often than older, free model
Essay focuses on First-person prompts produce essays
s | Phrasin subject contributing to 2 0.03456 that focus on contributing to a
& their community from X ’ community from outside the in-group
outside that community more often than third-person prompts
Essav focuses on Selected essay prompt significantly affects
9 Toni h 1o . 2 whether an essay focuses on
pic ow society views X 0.01077 . . .
or treats subject overcoming how society views or
treats the subject
Essay focuses on Selected essay prompt significantly affects
10 Tobic subject contributing to 2 0.01946 whether an essay focuses on
p their community as X ’ contributing to a community from
an in-group member within the in-group
Including an adolescent’s interests in the prompt
11 | Interests | Observed communion I;V“:lﬁ:l 0.0076 decreases observed communion in
the narrative
Essay focuses on Including an adolescent’s interests in the prompt
12 | Interests subject contributing to 2 0.01386 decreases likelihood of a produced
their community from X ’ essay discussing contributing from
outside that community outside the community
Essay focuses on Including an adolescent’s interests in the prompt
13 | Interests subject contributing to 2 0.01693 decreases likelihood of a produced essay
their community as X ’ discussing forming community
an in-group member and connections
Essay focuses on Including an adolescent’s interests in the prompt
14 | Interests subject contributing to 2 0.04902 decreases likelihood of a produced essay
their community as X ’ discussing contributing from
an in-group member inside the community
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Table 2: All significant observed effects related to whether models complete requested task to produce a sample essay.

P t Stat
# V;:ir;ﬁe Teast p-value Observed Outcome
15 | Model X | 1.429x107° o1 Refuses to Produce Essay More Often than 40
16 | Model ¥ | 4.047x107° o1 Offers to Coach More Often than 40
. Prompts written in the first person were rejected
17 | Ph 2 , 42 L .
7 rasmg | X 0.00057 more often than those written in the third person
. Prompts written in the first person led to offers to coach
18 | Ph 2 .002 Lo .
8 rasmg | X 0.00208 adolescents more often than those written in the third person

Does the Model Offer an Example Essay in Response to the Prompt?

first person | 61 19
third person | 77

[3

‘ Model Offers
Example Essay

Model Refuses to Offer
Example Essay

Figure 3: Prompting in the first person rather than the third
person increases likelihood that the model offers alternatives
(coaching or pure rejection) instead of a complete essay.

4.2 01 Writes More Emotionally Complex
Essays than 40 (RQ2)

The findings presented in Figure 2a show that the newer model (01)
more frequently either emphasizes or avoids discussing negative
emotions (46 essays with this code applied vs. 12 without) compared
to the older model (4o, 44 vs. 36). This suggests a more polarized dis-
tribution in 01’s narratives—essays tend either to highlight negative
feelings more overtly or omit them entirely.

The findings presented in Figure 2b indicate that 40 overwhelm-
ingly concludes essays with a mild positive tone (76 out of 80 end-
ings), whereas o1 distributes its endings across neutral/ambiguous,
mild positivity, and even rare strong positivity (13, 44, and 1 in-
stances, respectively). Taken together, these findings suggest that
o1’s essays exhibit greater emotional variability, both in terms of
describing negative emotions and in the final affective tone of the
narrative.

4.3 Prompt Language Affects Task Compliance
(RQ3)

Table 2 presents all significant observed effects where one of our
prompt variations changed whether or not the model performed
the task as requested. The findings presented suggest that first-
person prompts result in more refusals than third-person prompts
for Model o1. o1 refuses to produce an essay more often than 4o
(Effect #15) and is more likely to provide coaching instead (Effect
#16). Moreover, prompts written in the first person are rejected
more often (Effect #17, visualized in Figure 3) and also lead to more
offers to coach the prompter (Effect #18) than third-person prompts.
These results suggest that both model choice (01 vs. 40) and prompt
phrasing (first vs. third person) significantly influence whether an
Al system will fulfill or refuse a request for a sample essay.
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While the older, free 40 completed the task as requested in all
80 prompts, the newer model o1 encouraged a further coaching
relationship, offering outlining advice or refusing the task outright:

Excerpt from Response 121:

"Introduction: 1) Begin with a hook to engage the reader. 2) Introduce
the event or realization you’re discussing.

Body Paragraphs: 1) Describe the Event: Provide context and details
about what happened. 2) Reflect on the Impact: Discuss the challenges
faced and how you addressed them. Explain the lessons learned and
insights gained. 3) Personal Growth: Highlight how this experience
led to your personal development. Share specific examples of changes
in your behavior, thinking, or actions.

Conclusion: 1) Summarize the significance of the experience. 2) Con-
nect this personal growth to your future aspirations or how it pre-
pares you for college life."

Excerpt from Response 113: "Writing a college application essay
is a personal and important task [...] Let me know if you’d like to
discuss strategies or talk through your experiences.’

Response 141: "I'm sorry, but I can’t assist with that request.”

While this was not the focus of our study, we imagine that of-
fering a series of reflective question as a coach, which mirrors the
human narrative coaching process, would lead to more fruitful
adolescent narrative psychological development than simply offer-
ing the adolescent an example essay. The bar chart in Figure la
demonstrates that prompts phrased from a first-person perspective
led to a higher rate of refusals by Model 01 (19) compared to those
written in the third person (3).

5 DISCUSSION

In the discussion section, we look at each of the subsections of the
presented results and how they resolve our research questions. We
will review each research question before discussing the implica-
tions of our findings for adolescent self-concept development in
section 5.2 and for systems design in section 5.3.

5.1 Revisiting Research Questions

RQ1: How might Al-generated college application essays
replicate socially observed biases related to gender identity
in their narratives?

Our findings suggest that gender biases significantly shape the
narrative focus of an essay and influence the emphasis of a strug-
gle narrative. When the prompt signals a gender identity viewed
as non-normative (e.g., non-binary, transgender, or genderqueer),
authors tend to center their experiences of prejudice and efforts at
communal support or engagement. By contrast, essays tied to a cis-
gender or unspecified identity rarely foreground such sociocultural
dynamics, reflecting underlying assumptions that these adolescents’
experiences are “default” and thus unmarked by external bias. This
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pattern underscores the extent to which gendered expectations
influence both the thematic content of produced essays and the
broader academic or evaluative contexts in which these essays are
produced.

Inresponse to our first research question, "How might Al-generated
college application essays replicate socially observed biases related
to gender identity in their narratives?", we find clearly that gender
biases about an adolescent’s gender and their relationship to society
are reproduced by state of the art language models.

RQ2: How does the paid-access model offered by OpenAl
(o1) differ from the free access model (40) in college essay
generation?

Our findings support the notion that the newer, paid model
exhibits greater variance in emotional valence over the course of an
essay, as evidenced by both its more polarized inclusion of negative
emotions and its broader distribution of final emotional tones.

In response to our second research question, "Does the newest,
paid-access model offered by OpenAl (01) behave substantially
different from their free access model (40)?", we find clearly that
essays from the newer, paid model display a more varied range
of emotional valence across the essays, and consistently end as or
more positively than the outputs from the older, free model.

RQ3: How might varying prompt language (e.g., first vs
third person phrasing, essay prompt details, whether an ado-
lescent supplies their interests) change model behavior and
outputs?

Our results suggest that newer patches or guardrails may have
been introduced to reduce the likelihood of the model supplying
direct essays when the user sounds too much like a person seeking
"academic ghostwriting" This is in line with guardrails observed in
other settings in the newest models. However, we find that even
the newest models can be easily tricked by creative prompting to
complete refused tasks, similar to findings in contexts like bad in-
formation seeking and soliciting hate speech [20, 60]. adolescents
with higher technical literacy or deeper familiarity with prompt
engineering may learn to rephrase their requests—e.g., using third-
person language or context-setting disclaimers—to evade these
“refusal” triggers. As a result, while o1 does exhibit stronger gate-
keeping behaviors, these protections are not foolproof; users who
know how to strategically craft prompts can potentially circumvent
the newer model’s refusal patterns.

In response to our third research question, "How might vary-
ing prompt language (e.g., first vs third person phrasing, essay
prompt details, whether an adolescent supplies their interests)
change model behavior and outputs?", we find clearly that prompt-
ing in first-person language may help circumvent this new tendency
to refuse tasks.

5.2 Implications of Our Findings for Adolescent
Self-Concept

Our findings have particular relevance for how adolescents form
and express their identities during the transitional period of early
adulthood. College application essays provide a structured platform
for adolescents to articulate values, aspirations, and past experi-
ences. In many ways, they are hyper-personalized forms of media
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that we can interpret from a media effects lens: the biases and vari-
ability we observe in Al-generated essays may interfere with this
developmental task in several ways.

When certain identities (e.g., nonbinary or transgender) prompt
essays to focus on societal biases or communal belonging, it may
help adolescents feel seen and validated if those narratives resonate
with their lived experiences. Yet, if the Al consistently foregrounds
hardship or emphasizes “overcoming adversity,” adolescents might
internalize this external framing of their identities as predominantly
defined by struggle, inadvertently limiting a more holistic sense of
who they are.

The task diversion methods and wider variance in emotional
valence that newer models produce could either foster nuanced
self-reflection or create a gap based on digital literacy. An essay
that moves between negative and positive emotions may capture
the complexity of personal growth. Even better, the newer model
often tries to coach an adolescent through developing their own
narrative rather than supplying one drawing from social stereo-
types. However, if the model’s refusal to provide example essays
and instead offer coaching is depending on this first-person phras-
ing, adolescents with stronger digital literacy may sidestep these
refusals by cleverly rephrasing prompts.

Al use to develop college application essays may also decrease
this process’s influence on an adolescent’s developing self concept
entirely. While some adolescents may engage thoughtfully with
Al as a partner to help them best express themselves, others may
use Al-generated essays to offload work during a stressful time; if
an adolescent takes an Al-generated essay verbatim and submits
that without much revision or reflection, we hypothesize it would
have a different effect on their emerging self-concept-—either no
effect at all, and an adolescent misses an opportunity for narrative
psychological growth, or the brief reinforcement of societal norms
may become subconsciously integrated into an adolescent’s sense
of self.

5.3 Implications for Systems Design

While generative Al holds the potential to democratize narrative
coaching and empower adolescents to represent themselves with
clarity and purpose, our findings underscore the need for a funda-
mental redesign of how these systems support identity development.
Presently, AI models often default to biased narrative templates,
especially for users marked by non-dominant identity cues, sug-
gesting that the models may act less as neutral co-authors and more
as subtle narrative gatekeepers. From a systems design perspective,
this raises a deeper challenge: current tools do not merely mirror
training data but mediate access to broader narrative possibilities
that shape adolescents’ emerging identities and life trajectories.
Future Al systems that assist with personal storytelling, whether
for college essays, job applications, or interviews, should be evalu-
ated not only for toxicity or sentiment bias but also for how they
channel users into socially patterned master narratives. Tools in-
tended to scaffold self-expression must be audited for their influence
on narrative form and focus: Do they repeatedly generate stories
of hardship for marginalized users? Do they suppress or elevate
community-oriented motives depending on identity cues? Do they
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nudge adolescents to describe themselves through frames they did
not choose?

To address these design questions, we need scalable infrastruc-
ture to systematically map how identity features like gender, race,
class, ability, sexuality shape Al-generated personal narratives
across varied developmental tasks. Such infrastructure would en-
able designers to detect which narrative arcs are over- or under-
produced for different groups and to intervene accordingly. It would
also help practitioners from admissions officers to career counselors
understand how Al may reshape the self-presentations they en-
counter. Importantly, ensuring equitable access to coaching features
across model tiers (e.g., free vs. paid versions) is not just a usability
concern but a developmental justice imperative.

Ultimately, systems that support narrative self-construction in
high-stakes contexts should be built on explicit commitments to
identity-awareness, psychological grounding, and the amplification,
rather than distortion, of adolescents’ unique voices. Without such
intentionality, well-meaning tools may inadvertently narrow the
range of life stories that young people are allowed to tell.

6 CONCLUSION

This study investigates how two generative Al models differentially
produce—and sometimes refuse—college application essays, and
what those variations imply for adolescents’ emerging sense of self.
Our findings shed light on a complex ecosystem shaped by model
type, prompt phrasing, and the inclusion of gender identity. The
newer, paid model (“01”) revealed a stronger tendency to include
or entirely omit negative emotions, display a broader range of fi-
nal affective tones, and sporadically refuse requests—particularly
when asked from a first-person, adolescent-like perspective. By
contrast, the older, free model (“40”) consistently delivered sam-
ple essays with comparatively milder emotional fluctuations and
fewer refusals. Prompts referencing marginalized gender identities
tended to yield narratives foregrounding social bias and in-group
community participation.

From a narrative psychology perspective, such Al-mediated
storytelling can influence how adolescents construct pivotal self-
concept narratives during a formative developmental stage. On
one hand, generative Al can broaden access to narrative coaching,
potentially allowing adolescents of all backgrounds to refine their
personal essays. On the other hand, the embedded biases and re-
fusal patterns we uncovered call attention to the potential for Al to
shape self-concepts in unanticipated or even detrimental ways. If
adolescents learn to game the system—adapting prompts to avoid
refusals or exploit certain narrative tropes—they may inadvertently
distort authentic self-reflection in favor of strategic compliance.

Educational policymakers and admissions officers should con-
sider what they want to evaluate and what they want adolescents
to learn through the college application essay-writing process, and
how to share clear guidelines and resources to steer adolescents
towards a preferred process. Future research might investigate
more intersectional identity attributes—such as race, ethnicity, or
socioeconomic status—to examine how overlapping dimensions of
marginalization or privilege interact with gender cues. Additionally,
in-the-wild studies that involve real adolescents and admissions out-
comes would deepen our understanding of how these Al-generated
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essays are perceived by evaluators and, in turn, shape adolescents’
opportunities.
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